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Statutes and regulatory rules (henceforth “legal 
text”) are invaluable forms of  primary data for 
comparative analysis of  regime transitions, political 

participation, policy diffusion, and the realization of  
justice and rights. Governments carefully curate and 
archive their legal codes, making it possible to trace a 
law’s history and track its diffusion to other jurisdictions. 
Governments do not consistently enforce laws as they 
are written (Pound 1910; Law and Versteeg 2013); to 
understand the distinction between laws in the books 

and laws in action, we first must be able to read the law. 
Legal texts are thus invaluable for historical analysis and 
comparative studies, as laws in one jurisdiction can have 
important similarities and differences across national 
contexts (Glasius, Schalk, and De Lange 2020; Hummel, 
Gerring, and Burt 2021; Berinzon and Briggs 2019). 

 Despite their importance and accessibility, legal texts 
are not studied in a comparative perspective as frequently 
as quantitative indicators because of  the limitations of  
language. The European Union and United Nations are 
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leading efforts to collect and translate legal texts, but 
those collections are not comprehensive across topics, 
countries, or time (Giampieri 2016). We refer to this as 
the “laws-in-translation problem,” a term that we use 
to refer to the fact that legal translations are scarce or 
incomplete, and available strategies to translate such 
texts are either cost-prohibitive or error-prone to an  
unknown degree. 

 Researchers can deploy solutions to the laws-in-
translation problem, but each presents new issues. 
Professional human translators remain the “gold 
standard” for accuracy (Lucas et al. 2015, 259-60), but 
human translation services quickly become expensive for 
large legal codes. Alternatively, machine translation (MT) 
software provides speed, accessibility, and affordability, 
but there are concerns about their accuracy and 
reliability. We evaluate DeepL, Google, and Microsoft 
MT applications for their effectiveness in translating 
legal texts on five dimensions: generalizability, flexibility, 
presentation, simplicity, and reliability. For a controlled 
comparison of  machine and human translations, we 
translate legal content from similar laws enacted in Brazil, 
China, France, Japan, and Mexico. We find that MT tools 
are not sufficiently nuanced for legal practice or fine-
grained analysis, but maintain that MT’s accuracy—when 
used in a hybrid approach—is sufficient for researchers 
conducting comparative socio-legal and policy research. 
Our recommendation to those who seek accuracy and 
cost-efficiency is to use MT applications in tandem 
with human translators. As we show in the following 
sections, combining these translation strategies increases 
transparency and accuracy while lowering costs and 
decreasing time spent. 

 Our hybrid approach to translating legal texts razes 
methodological barriers and expands the number of  
cases available for comparative analysis. The method 
has implications beyond law and policy scholars. The 
language in which a government writes its laws and 
executive orders has no relationship with whether it 
follows, bends, or violates those legal rules. Whether 
legal texts appear in Russian or English matters little if  
the government enforcing those rules seeks to threaten 
fundamental freedoms, undermine elections, or loot 
personal property. Yet language barriers profoundly 
hinder our ability to evaluate whether laws authorize 
illiberal practices, disguise them as legitimate actions, 
or simply fail to prevent such phenomena. Overcoming 
these barriers allows us to read local reports covering 
protests in foreign capitals and access the ideas and 
reactions of  those affected by war, migration, or disaster. 

Motivation: The Missing Standard for 
Translating Legal Texts

 The social sciences contain numerous examples of  
scholars who have successfully navigated the laws-in-
translation problem. Unfortunately, published research 
often lacks a clear explanation of  how the translation 
process unfolded. We are guilty of  this ourselves 
(DeMattee 2022a; Bloodgood, Tremblay-Boire, and 
Prakash 2014). For research covering a multilingual legal 
corpus, readers must assume that the researchers are 
polyglots or that translation is a rigorous part of  data 
collection and research design phases. Not disclosing the 
translation process is not the same as being unwilling 
to be transparent. The publishing process has limited 
authors’ ability to communicate how they translated 
texts and verified translations. Innovative technology 
such as the Qualitative Data Repository’s Annotation for 
Transparent Inquiry (ATI) eases some limitations. ATI 
enables researchers to digitally link their article to analytic 
notes, allowing authors to provide more information 
about the data and analytic choices, including extended 
excerpts of  original and translated legal text (Kapiszewski 
and Karcher 2021; Elman, Kapiszewski, and Lupia 2018). 
Clear explanations and standards for the translation of  
laws increase the replicability and credibility of  findings. 
Reviewing sociology, political science, and law and 
society journals reveals a surprising lack of  comparative 
law and policy research across geographic regions and 
languages. This research gap is likely related to a missing 
process for effective and efficient translation. Solving 
the laws-in-translation problem is thus likely to open 
opportunities for research into new questions as well as 
new approaches to old puzzles.

 One approach is to limit case selection to regions 
whose countries publish laws in a common language. 
Scholars have successfully compared the development of  
penal codes in French West African countries (Berinzon 
and Briggs 2019) and corporate law in China, Hong 
Kong, and Taiwan (Lin and Chang 2018). Similarly, 
Lemon and Antonov (2020) compare legal text in five 
post-Soviet countries to show that independent countries 
enact laws with nearly identical language. Researchers 
can encounter the laws-in-translation problem even 
when maintaining a regional focus. For example, when 
studying immigration laws in the Americas, Cook-Martín 
and FitzGerald (2019) needed to analyze a multilingual 
corpus that included countries colonized by Britain, 
France, Spain, and Portugal. While researchers might 
need to limit their scope to monolingual corpora or 
regional analyses if  a deep and nuanced interpretation 
of  the particular legal text is necessary, scholars who 
focus on global phenomena, including diffusion effects 
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and postcolonial change, need competencies in multiple 
languages or an alternative approach. 

Secondary sources offer scholars one solution to 
expand their geographic and linguistic range. They 
provide a valuable foundation, and merging multiple 
sources can improve comprehensiveness. Glasius, Schalk, 
and De Lange (2020, 457) and Hummel, Gerring, and 
Burt (2021, 873) assemble their corpora from various 
public, private, and academic sources. Secondary sources 
have hidden costs as they are neither as comprehensive 
nor as accurate as researchers often require, especially 
if  secondary sources are limited to specific languages or 
periods. Echoing previous caveats of  off-the-shelf  data 
(Bennett 2007), to what degree can researchers trust 
secondary sources’ accuracy, rigor, and objectivity? The 
remedy suggested still applies: “Take between five and 
ten random observations from the dataset and attempt to 
code the variables from the ground up” (Goemans 2007, 12; 
emphasis added). This prescription to recode a random 
sample of  legal texts returns us to the laws-in-translation 
problem. 

 Brute force is another pathway to obtaining a large, 
multilingual corpus. With adequate resources, researchers 
can collect, translate, and code primary sources from the 
ground up. With financial commitments from Google, 
the National Science Foundation, and the United States 
Institute of  Peace, the Comparative Constitutions 
Project (Elkins and Ginsburg 2021; Elkins, Ginsburg, 
and Melton 2009) is the exemplar for overcoming the 
laws-in-translation problem. Bradford et al. (2019, 416) 
used the collective skills of  70 law school students over 
six years to code competition laws in 131 jurisdictions 
between 1889 and 2010. DeMattee (2020) spent 567 
person-hours coding a six-language corpus of  285 laws 
enacted by seventeen countries between 1872 and 2019. 
Researchers who wish to embark on similar quests should 
not underestimate the financial and human resources 
necessary to execute such projects. 

The relative lack of  comparative legal data, 
combined with the costs in time and money to create it, 
demonstrate why it is vital to discover new processes to 
allow researchers to accurately and economically translate 
legal texts. Appropriately using MT applications opens 
legal research across languages for more innovative 
comparative studies and increases access to less common 
case studies. Defining best practices for using these tools 
is a new and valuable contribution to qualitative and 
mixed-methods research.

Methods
 To test the comparative performance of  the MT 

applications against one another and human translators, 
we use similar legal texts from five countries that are 

written in major international languages. We examined 
three languages that use the Roman alphabet and two 
that use logograms. We used the legal definition of  
civil society organizations as specified in laws enacted 
by governments in Brazil, China, France, Japan, and 
Mexico to find comparable legal text across countries. 
These legal definitions vary slightly in content and 
length. Supplemental information (DeMattee et al. 2022) 
contains all original legal texts and the translated versions 
produced by DeepL, Google, and Microsoft.

 We compared the original and translated versions of  
these legal definitions to assess which MT application 
has the highest usability and reliability across languages. 
First, we evaluated each translation application according 
to its flexibility in accepting and outputting file types, 
its ability to preserve the document’s structure, and the 
available number of  languages. Second, we tested the 
reliability and quality of  the translations by testing the 
MT versions against human translations. Two native 
speakers per language of  interest first translated the 
source text into English. Then, these same multilingual 
speakers evaluated four translated versions of  a single 
source text: three MTs and one human. We randomized 
the order and anonymized the source of  the translated 
texts and instructed evaluators to conduct their single-
blind evaluations independently and without the 
assistance of  other tools. Each evaluated the translated 
texts according to whether they required minor or critical 
edits for grammar and meaning. We defined minor edits 
as corrections made to the translated text that maintained 
the meaning of  the source text, even if  the translation is 
mediocre, and critical edits as corrections made to the 
text that did not maintain the original meaning. 

Defining Five Measures: Generalizability, Flexibility,  
Presentation, Simplicity and Reliability

 We define five measures to evaluate the quality of  
MT applications based on our past experiences with 
comparative research on association and charity laws 
(DeMattee 2022a, b; Bloodgood, Tremblay-Boire, 
and Prakash 2014) These measures—generalizability, 
flexibility, presentation, simplicity, and reliability—vary 
in importance depending on the research project. 

 Generalizability refers to the number of  languages 
available for text-to-text translation. MT applications 
may be available for transliteration, translating the text 
in images, or text-to-speech translation. We expect that 
generalizability will increase with time as the demand 
grows for automated translation within and across 
applications, particularly among smartphone users. 
Increased generalizability does not guarantee that other 
measures of  translation effectiveness will improve at the 
same pace. We argue that it is equally important, if  not 
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more so, to know which MT application provides the 
most accurate translation for a given language.

 Flexibility reflects the compatibilities of  file formats 
in MT applications. Limitations on flexibility come in 
three forms: intake format, file size, and output format. 
When files are not compatible with MT applications, 
researchers must first convert them into appropriate 
formats. Another consideration for flexibility is file size, 
as some MT applications limit a file’s upload size. Finally, 
output format typically corresponds to input format, but 
some MT applications allow more options for output 
formats. Flexibility in output format allows researchers 
to choose appropriate formats for subsequent analysis, 
reducing the incidence of  human error.

 Presentation is the degree to which the MT application 
preserves the source text’s formatting and layout. 
Preserving identifiers accurately (e.g., alpha or numeric 
ordering) allows researchers to reference sections of  
a law correctly while facilitating replicability. If  the 
translation process suppresses or distorts identifiers, 
researchers may need to invest considerable energy re-
identifying articles, sections, subsections, and paragraphs 
for correct citations. This risks introducing human errors. 
Maintaining formatting (e.g., alignment and hanging 
indentations) is another consideration. Consistent 
formatting allows researchers to easily navigate and 
compare the original and translated versions. Likewise, 
protecting page breaks is stylistically desirable and 
valuable when a translation application strips identifiers 
from the document. 

 Simplicity is the number of  actions necessary to 
translate a single document, including preparing files 
to be readable in MT applications. This factor becomes 
more relevant as the number of  files, or the size of  the 
files, in the legal corpus increases. Greater simplicity 
means less work to prepare files prior to translation 
and fewer opportunities for mistakes. Some PDF files 
are document images or scans of  computer-generated 
text. These situations require an additional step. Optical 
character recognition (OCR) software converts images 
into machine-encoded text. The original composition of  
the text (e.g., manual versus computer typesetting) and 
image quality can affect OCR detection. In both cases, 
researchers may benefit from specialized software to 
improve OCR detection and obtain better results.

 Reliability represents accuracy. The most important 
aspect of  reliability is that translation maintains the 
meaning of  original texts. If  the translated text’s meaning 
differs from the original, any analysis that follows will be 
severely flawed. Another consideration for reliability is 
grammatical and syntax accuracy; however, such errors 
may be minor enough not to alter the meaning of  the 
original texts.

We use two tests to evaluate reliability. Our first measure 
uses native language speakers to evaluate translations of  
civil society laws in five languages. For each language, 
two single-blinded evaluators independently assess the 
source text and translated text at three levels. “Minor 
edits” are small, stylistic changes that polish the text 
to improve flow or readability. “Critical edits” involve 
substantive changes necessary to realign the translated 
text with the source text. Substantive changes go beyond 
slight improvements in readability and correct key errors 
that may otherwise jeopardize research findings. Not all 
critical edits require large-scale changes. For example, 
incorrectly translating a deontic such as “may” for 
“must” can seriously impact research findings. Finally, 
each evaluator made an overall assessment of  whether 
the translated text maintained the source text’s original 
meaning without any editing. 

 The second reliability measure is a series of  round-
robin translations. Here, we translate the source text to 
other languages and then translate it back to the original 
language. Translation applications, we assume, treat each 
translation as an independent task. Errors will therefore 
compile through multiple translations. Reliability is the 
similarity between the source text and the final translation 
reverted to the original language. We use English and 
German—two languages outside those studied—to 
conduct the backwards translations. We vary the number 
of  translations from one to two foreign languages to 
further test each translation application’s stability. We use 
a similarity score to assess these backwards translations. 
Similarity scores are the percentages of  words in the 
backwards translation that identically, nearly, or relatedly 
match the words in the source text. 

Overview of  Machine Translation (MT) Tools
 There are multiple applications available to 

researchers seeking automated translations. While their 
user interfaces may be similar, the algorithms that generate 
the translations vary. A number of  human decisions feed 
into the final algorithms, which makes them objects of  
human creation capable of  producing biased and fallible 
outputs (Diakopoulos 2013, 10; Salminen et al. 2020). 
Time and resources constrain programmers’ ability to 
validate and update an algorithm’s performance. This 
means that time and resources are additional factors 
that we expect will affect an MT application’s accuracy. 
Older tools, or those maintained by organizations with 
greater resources, may be more accurate because of  the 
greater availability of  time and resources to train and 
debug the algorithms. Our research compares both free 
and proprietary algorithms provided by big and small 
companies, both old and new.
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Analysis
By our assessment, Google is the most generalizable 

MT application because it has the most languages 
available for text-to-text translation at 108. With 72 
languages, Microsoft is the next most generalizable. 
Between these two tools, even researchers working in 
regional languages (e.g., Haitian Creole) have options 
for translation applications. All three applications offer 
eleven common languages: Chinese, Dutch, English, 
French, German, Italian, Japanese, Polish, Portuguese, 
Russian, and Spanish. 

 DeepL and Google Translate are the most flexible MT 
applications, and are the only translators that accept PDF 
files, which is the format used most often in legal texts. 
Microsoft Translator requires researchers to convert 
PDFs to another file type for translation. This rigidity in 
file formatting is not a critical factor when a legal corpus 
is composed of  a small number of  text documents, but 
could quickly become a significant issue. As the size of  
the legal corpus expands, researchers can use programs 
like R or Python to manage file conversions, but this 
adds new technical requirements. Applications also vary 
in their ability to process files of  different size. DeepL 
can process bigger files and larger quantities of  files if  
users upgrade to a premium service. Google Translate 
limits file size, but does not offer a subscription service 
to process large documents. Microsoft does not provide 
explicit file size limits on its Translator; however, our 
experience is that the Microsoft application tends to 
fail in files above 100 pages. Output file types are as 
inflexible as input types. Google Translate currently 
does not offer an export function; all translations are 
displayed as a webpage that researchers must save as a 
PDF. DeepL and Microsoft render translations as a new 
file that researchers can save in various file types.

 DeepL and Microsoft slightly outperform Google 
on the presentation measure. While all three applications 
protect font styles, Google Translate is prone to dropping 
identifiers, such as alpha or numeric section markers 
that allow researchers to navigate a law’s contents. Such 
omissions may force researchers to re-identify articles, 
sections, subsections, and paragraphs to accurately 
reference passages. Our experience working with large 
and multilingual legal texts raises two concerns. First, 
sections of  laws may refer to one another or point to 
schedules for further information. This means that 
researchers may need to translate entire laws rather 
than individual sections, necessitating accurate section 
markers. Second, laws can be long and the ability to 
accurately translate a large document is a critical matter. 

 Simplicity varies depending on the quality of  the 
original document. If  the starting point is a corpus of  

DOCX files, the three tools (DeepL, Google Translate, 
Microsoft) have equal simplicity, as they do not require 
users to reformat files before translation. If  the corpus 
contains machine-encoded PDF files, then DeepL, 
Google, and Microsoft require those files be converted 
to a compatible format, which varies across applications. 
If  PDF files contain scanned images of  text, researchers 
must first convert them to text before translating the 
document. Researchers can use external OCR programs, 
such as Adobe Acrobat and R, to automate the conversion 
processes. In our comparison, Google Chrome always 
requires one more step than the other applications 
because researchers must convert files to HTML format. 

 Reliability estimates the precision of  each translation 
application and the degree to which it is a reliable research 
tool. We discuss two measures of  reliability: human 
evaluators’ assessments of  the translations, and round-
robin similarity scores. We begin with human evaluators 
who edited and analyzed the machine translations at 
three levels: minor edits, critical edits, and whether the 
translation maintained the meaning of  the source text. 
The applications’ average scores are similar concerning 
minor edits; as Table 1 shows, we found approximately 
four minor edits for every 100 words. Note that human 
translators amended other human translations at nearly 
twice the rate—seven minor edits per 100 words—as 
the machine translations. Our tests on civil society laws 
suggest that, for most research purposes, minor errors 
do not prevent researchers from understanding and 
using the translation. In many cases, minor errors simply 
require researchers to work through legal text that is 
wordy or convoluted. 

 Our remaining two measures are more consequential. 
Critical edits are substantive changes that are necessary 
to realign the translation with the source text. Critical 
changes correct errors that may jeopardize research 
findings. Google Translate, which averaged 0.5 critical 
edits per 100 words, was the top performer on this 
measure. DeepL and Microsoft translators produced 
over twice as many critical edits, on average. The third 
measure is whether a translation maintains a text’s 
original meaning. Overall, native language speakers had 
perfect inter-coder reliability on this measure. Google 
Translate was the top performer in maintaining original 
meaning. Eight out of  ten evaluators graded Google 
Translate positively on this measure (with the exception 
of  the two Japanese assessments). Indeed, the Japanese 
language speakers agreed that all three translation 
applications drifted from the text’s original meaning. The 
two Portuguese-speaking evaluators found that DeepL 
Translator likewise lost the text’s original meaning, and 
the two Chinese-speaking evaluators observed a similar 
error in Microsoft Translator. 
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Table 1: Native Language Speaker Reliability Analysis
DeepL 
Translator

Google 
Translate

Microsoft 
Translator

Human 
Translators

Brazilian Legal Text
    Minor Edits 2.5 edits 2.5 1.5 4.2
    Critical Edits 2.5 edits 0.8 0.8 0
    Maintained Meaning No Yes Yes Yes
    Minutes to Edit Translation 9.0 minutes 4.1 4.5 5.1
    Words Added/Removed +1.6 words +2.5 -2.3 +2.6

Chinese Legal Text
    Minor Edits 5.9 4.7 5.1 8.5
    Critical Edits 0 0 1.7 0
    Maintained Meaning Yes Yes No Yes
    Minutes to Edit Translation 7.8 7.5 11.9 8.5
    Words Added/Removed -2.9 0 -11.9 +12.3

French Legal Text
    Minor Edits 5.6 3.6 1.2 11.5
    Critical Edits 0 0 0 0
    Maintained Meaning Yes Yes Yes Yes
    Minutes to Edit Translation 3.3 3.6 4.8 8.7
    Words Added/Removed +1.1 0 +1.2 +13.4

Japanese Legal Text
    Minor Edits 0.4 0.8 2.3 3.4
    Critical Edits 3.1 1.6 3.5 0
    Maintained Meaning No No No Yes
    Minutes to Edit Translation 6.6 12.3 8.74 8.5
    Words Added/Removed -45.2 +2.5 -8.7 0

Mexican Legal Text
    Minor Edits 6.4 8.1 9.0 6.4
    Critical Edits 1.3 0 0 0
    Maintained Meaning Yes Yes Yes Yes
    Minutes to Edit Translation 19.2 41.9 21.8 18.9
    Words Added/Removed +1.3 +5.4 +2.6 +1.3

Five-Law Average
    Minor Edits 4.2 3.9 3.8 6.8
    Critical Edits 1.4 0.5 1.2 0
    Maintained Meaning Yes (6/10) Yes (8/10) Yes (6/10) Yes (10/10)
    Minutes to Edit Translation 9.2 13.9 10.3 9.9
    Words Added/Removed -8.8 +2.1 -3.8 +5.9

All measures were averaged across native language 
speakers (2 per country, 10 total). For comparability 
and interpretability, the measures of  edits, minutes to 
edit, and words added or removed are all standardized  
to a common unit: per 100 words. Google Chrome was 
excluded due to extensive overlap with Google Translate.

The second reliability assessment measures the 

similarity between the source text and a final translation 
that we reverse-translate to its original language. This 
process determines a translation’s stability over multiple 
machine translations and thus the potential robustness of  
the application. We calculated similarity scores using the 
online plagiarism checker CopyLeaks at three different 
levels of  precision, from exact matches to translations 
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involving synonyms, rounded to the nearest whole 
number. Translations were checked through one (English 
or German) and two (English then German and German 
then English) translations before being returned to their 
original language.

The stability scores show that DeepL generally 
outperformed Google and Microsoft in these round-
robin exercises (DeMattee et al. 2022, 14). DeepL 
appeared most stable for Chinese, French, and Spanish 
content and produced average scores at or above 50%; 
when the translation was reverse-translated, at least half  
of  the words were identical, near, or related matches. 
Google and Microsoft were most stable for Spanish, 
French, and Portuguese content. DeepL’s strongest 
outperformance was with the Chinese legal text. The 
reliability tests suggest that scholars might prefer 
different MT software for some languages over others. 
DeepL performs better for translations from Chinese, 
while Google or Microsoft works better for Romance 
languages. The general underperformance of  machine 
translators for Japanese is notable.1

Limitations of  Machine Translation 
While our analysis suggests many benefits of  

adopting MT applications, we highlight three issues that 
researchers should consider. First, MT is much easier 
with newer laws, often published on national websites 
as HTML or machine-readable PDF, which are quickly 
and easily read by any application. Older laws may 
only be available as an image file rather than as text, 
requiring retyping and careful reformatting, which can 
induce human error. Second, laws (at least as regards 
associations and charities) are becoming longer over 
time, and free MT applications limit file upload size. Most 
MT applications require legal texts to be divided into 
smaller individual PDF documents before translation. A 
potential time-saving solution is to use MT applications 
to translate the table of  contents or index of  the law 
in one PDF, then translate the relevant sections. Finally, 
it is difficult with current tools to present both original 
and translated texts in parallel (side-by-side pages), which 
makes it slightly more challenging to evaluate the quality 
of  the translation by comparing relatable blocks of  text. 

Conclusion
The “laws-in-translation problem” exists because 

governments rarely translate their laws into multiple 
languages and translating these legal texts typically 
requires choosing between affordability and precision. 
While translation professionals provide high-quality 
translations, these services quickly become cost 
prohibitive.2 MT applications are an attractive alternative. 
1 The mechanism causing this underperformance is beyond our scope, we simply note its existence.
2 The price for such services—even the most economical—begins at $25 per page or $0.05 per word.

They are increasingly accessible, fast, and affordable. 
Still, scholars may be reluctant to use these applications 
for research purposes because the accuracy of  the 
translations is unknown. Moreover, other researchers—
specifically journal reviewers—may not be convinced 
by research findings that depend solely on translation 
applications. This adds another dimension to the laws-in-
translation problem and the challenge of  transparently 
and rigorously translating legal text for comparative 
research purposes. 

 We used similar legal text from five countries 
with diverse languages to assess the performance of  
three translation applications using five measures: 
generalizability, flexibility, presentation, simplicity, and 
reliability. Our assessment found translation applications 
to be effective but not precise or consistent enough to 
warrant use without verification. Minor errors aside, 
these automated tools occasionally make critical errors 
and lose a text’s original meaning. MT tools may thus 
adversely affect research outcomes. By comparison, 
humans produce translations without critical errors or 
deviations from the text’s original meaning, although 
human translators do take issue with other translators’ 
texts.

 These findings lead us to recommend that researchers 
pair machine translations with human translators to 
produce reliable and affordable translations. Extrapolating 
from data from our human evaluators, it takes an 
individual fluent in the necessary languages three times 
longer to produce a translated text than it does to edit an 
MT translation of  the same source text. This suggests it 
is far more efficient for a researcher to use any translation 
application to make an initial translation, and then employ 
a human translator to improve that translation by making 
minor edits and correcting critical errors as required. As 
legal texts become longer, more complicated, with more 
cross-referencing, the efficiency gains from using an MT 
tool will increase. The use of  the recommended protocol 
also provides a clear and tested method for translation 
that can be easily explained in future publications, 
increasing replicability and transparency in comparative 
law and policy research. We also suggest that researchers 
who adopt this process deposit and share translations 
in the public domain. Scholarly repositories (e.g., the 
Qualitative Data Repository), independent organizations 
(e.g., the International Center for Not-for-Profit Law), 
and personal websites can each host translated versions 
of  these public documents. 

 The hybrid method for translating legal text that we 
have introduced can expand and improve comparative 
law and socio-legal research by drastically reducing 
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linguistic knowledge as a constraint. The reduction 
in the time and translation costs opens new areas of  
research that would otherwise require large teams and 
grants to even consider. Accurate translations of  new 
categories of  law enables the systematic investigation of  
the evolution of  law over time or the study of  diffusion 
effects both within regions and globally. Generations of  
political scientists and legal scholars have emphasized 
the distinction between laws in the books and laws in 
action. This new method enables scholars to examine 
the extent to which de facto enforcement diverges from de 

jure rules. The large number of  languages now available 
for machine translation, as well as the growth of  
international research societies providing networks with 
native speakers, enables research to redress the relative 
marginalization of  some geographic areas that are either 
too poor to translate and publish their laws, or where 
legal text is written in a language that is unfamiliar to 
comparative legal scholars. Finally, the output of  MT 
applications works easily as raw data for qualitative 
research software such as NVivo and ATLAS.ti. 
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1 For example, Arantxa Rodriguez-Uribe (@MAranzazuRU, November 30, 2021) tweeted that Princeton had just banned all international 
fieldwork.

The rapid spread of  COVID-19 beginning in 
early 2020 caused global disruption. As the risk 
of  infection rose and public health authorities 

around the world enacted measures to contain the virus, 
everyday life ground to a halt. Activities that seemed 
routine in late 2019 became fraught with uncertainty. 
Fieldwork was no exception. Most field researchers had 
to change or cancel at least some of  their plans; some 
left their field in a hurry before travel was shut down 
while others had to lock down on site; most academic 
institutions restricted travel, with some even prohibiting 
all forms of  international movement. In brief, many 
traditional forms of  fieldwork became all but impossible 
during the pandemic. 

Even as parts of  the world begin to emerge from the 
pandemic, things have not returned to normal. Indeed, 
the emergence of  the Omicron variant in November 
2021 led to new restrictions, with some universities again 
moving to block field research.1 It is important to note 
that such restrictions sometimes seem to be driven by 
factors other than the risk of  infection alone. Infection 
rates in parts of  Europe or the US were frequently 
just as high or even higher than in other parts of  the 
world, yet restrictions seemed to be primarily aimed at 
preventing movement between the Global North and 
South. At the same time, global vaccine inequalities and 
vaccine resistance are threatening to relegate parts of  
the world to the category of  places which are not safe 
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